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Abstract

Partial label learning (PLL) is a new weakly supervised.learning framework
that addresses the classification problems, where the true\abel of each training
sample is concealed in a set of candidate labels:, Tonlearn from such weakly
supervised training data, the key is to disambiguate the ambiguous labeling
information. Because it is difficult to address by only focusing on the manipu-
lation in the label space, manifold structure’ among training data in the feature
space has gradually been exploited simultaneously to facilitate the disambigua-
tion process by researchers in recent years. However, the manifold structure is
commonly analyzed undet an agsumption that the samples close to each other
in the feature space will share identical labels in the label space, which may be
not correct in many real-world problems. In this paper, geometric mean metric
learning appreachiis employed to learn a distance metric for PLL problems such
that can maintain the aforementioned assumption correct in as many situations
as possible. [tiis significantly more challenging than the conventional setup of
distanceymetric learning because it is difficult to precisely identify whether a
pair of training samples belong to the same class. We propose an alternative
approach in which each training sample and its neighbor with shared candidate

label are taken as a similarity pair, and each training sample and its neighbor

*This work was supported by the National Natural Science Foundation of China under
Grant Nos. 61503058 and 61374170.
*Corresponding author
Email address: yuzhou829@sina.com (Yu Zhou)

Preprint submitted to Neurocomputing September 7, 2017



Download English Version:

https://daneshyari.com/en/article/6864858

Download Persian Version:

https://daneshyari.com/article/6864858

Daneshyari.com


https://daneshyari.com/en/article/6864858
https://daneshyari.com/article/6864858
https://daneshyari.com

