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ABSTRACT

The traditional and still dominant logic among nearly all empirical positivist researchers in schools of
management is to write symmetric (two-directional) variable hypotheses (SVH) even though the same
researchers formulate their behavioral theories at the case (typology) identification level. The behavioral
theory of the firm, theories of buyer behavior, and Miles and Snow’s typology of organization’s strategy
configurations (e.g., “prospectors, analyzers, and defenders”) are iconic examples of formulating theory
at the case identification level. When testing such theories, most researchers automatically, uncon-
sciously, switch from building theory of beliefs, attitudes, and behavior at the case identification level to
empirically testing of two-directional relationships and additive net-effect influences of variables. For-
mulating theory focusing on creating case identification hypotheses (CIH) to describe, explain, and predict
behavior and then empirically testing at SVH is a mismatch and results in shallow data analysis and fre-
quently inaccurate contributions to theory. This paper describes the mismatch and resulting unattractive
outcomes as well as the pervasive practice of examining only fit validity in empirical studies using sym-
metric tests. The paper reviews studies in the literature showing how matching both case-based theory
and empirical positivist research of CIH is possible and produces findings that advance useful theory and
critical thinking by executives and researchers.
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CHINESE ABSTRACT

TEAANE TR IR 0 LT BT A 250 IE 32 X8 2 o, A48 F AR Y RTHOR b R B )2 HEZ R T AR (X
) ASEARE (SVH) , BUEXSEHFFE R AE LG (R22) SR A X FR A T T o Be,  CilkAT
AIRE)  (Cyert & March, 19634F) . (EFEETHILL)  (Howard & Sheth, 1969) LARGE/REAINIE (197
84F) MAZURMEHTIE A (Bl “IREE . HTERBSEE ) JRAEROIPUNZ 1m0 T2 R B 1K 4401
To TERIIZAFHCH, ZHWFRE B RZL RN A h i MAE R BIRGZ NG &, SEMAT A # 3% m
TORER i 5% Z2 0 254 B BRI A SO MR 2850 2 SRS . DABT BRI AIR . (CTH) A A AAXERHT
TAAT A REAT AR SERIRT, SRS DORRR On]) AR IEAT 400 £ R K, X —MHRMEA, S
BT, DL AR SR LAY (5 B 2 W AMER . AR SCIMR T IX — 85U A R B H BT S B BeH B 1
A 4 SR DA R AE 2856 E SCRIF 5 Hh 8 P e e P s 6 RT3 9 A A P AT B 8 1 Al . 2 T S 090 1 B0 5 5 52 461
PUNMBAR AT A 22 50 550E 3= XWFFEA 2 KB AT REYE, A8 SCRIB T 2 JEAT MRS A SCRR A A T80T S 41L 7 DA 28
FIWFFEN G AESD A FH S Rt v SR A ) i R R IR 28 5L

© 2015 Australian and New Zealand Marketing Academy. Published by Elsevier Ltd. All rights reserved.

1. Introduction

directional) hypotheses (SVH) and describes workable solutions to
the mismatch. The solutions include case-based group-level anal-

The present paper describes the mismatch between case- ysis within symmetric testing (Bass et al., 1968), resorting to simple
based identification theory creation and symmetric variable (two algorithms to replace relying on symmetric tests (McClelland, 1998),

and using asymmetric Boolean-algebra based indexes instead of sym-
metric tests (Ragin, 2008). (Asymmetric tests are one-directional
tests to indicate whether or not high scores in a complex state-
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ment of X associate consistently with high scores in Y, an outcome
condition. A following section explains asymmetric tests in some
detail.) This paper builds from a foundational premise, “Scientists’
tools are not neutral” (Gigerenzer, 1991). Thus, if you test SVH via
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symmetric tests, you are not testing case-level causal conditions of
complex wholes; you are testing a theory of net-effects direction-
al hypotheses. SVH theory and tests include severe limitations beyond
the mismatch between case-based theory and SVH. This paper
reviews these severe limitations (cf. Fiss, 2007).

Most empirical research in behavioral science and business
research journals present a mismatch theory and data analysis.
Most researchers develop theory from the perspective of the
individual firm or consumer but formulate their hypotheses from
the perspective of the net effects influence of individual variables
on a dependent variable. The researchers’ shift in thinking is
seemingly subtle and likely an unconscious one. Their prior train-
ing in data analyses focuses on how to do symmetric tests such as
analysis of variance, multiple regression analysis (MRA), and struc-
tural equation modeling (SEM); they apply this training to extract
information from their data without recognizing the transforma-
tion in their focus from case (e.g., firm, consumer, organization,
nation) identification into a symmetrical variable hypotheses (SVH)
perspective. Symmetric tests of variable hypotheses examine two-
way directional hypotheses such as high versus low X (independent)
scores associated with high versus low Y scores. For example,
Hofstede’s (2001) cultural value theory proposes that each nation
is a complex whole of a combination of distinct cultural values
(e.g., collectivism/individualism, masculinity, uncertainty avoid-
ance, and power distance); a vast number of studies examine
Hofstede’s theory in many different contexts but almost all of
these studies examine the net effects of each cultural value using
symmetric tests. Almost none of these studies examine the influ-
ence of culture values from the perspective of culture as complex
wholes (i.e., recipes), including the studies by Hofstede and col-
leagues; for exceptions, see Hsu et al. (2013) and Woodside, Hsu,
and Marshall (2011).

The majority of studies in scholarly behavioral science and
business-related journals on many different topics exhibit this
theory-analysis mismatch. Most of the resulting published ar-
ticles report low levels of explained variance (R?) in their dependent
variables in the findings section and struggle in their discussion sec-
tions to show how net effects of individual variables are relevant
for complex wholes of the firm, person, or organization. While most
of the relevant literature fails to acknowledge this mismatch spe-
cifically - except for McClelland (1998) and Fiss (2007) - a few
researchers (Armstrong, 2012; Bass et al., 1968; Gigerenzer and
Brighton, 2009; Ordanini et al., 2014; Ragin, 2008) do describe prob-
lems with the still current dominant logic of reporting findings using
symmetric tests; these authors offer helpful solutions to over-
come these problems. A bit of headway is now occurring in doing
what McClelland advocated in the 1990s - taking steps to over-
come the limitations of using regression analysis (symmetric tests)
and the mismatching of theory and data analysis. Possibly a tipping
point is appearing in the literature due to the subsequent work of
Meier and Donzé (2012), Fiss (2007, 2011), Fiss et al. (2013), Ordanini
et al. (2014), Ragin (2008), Woodside, Hsu, and Marshall (2011),
Woodside (2013), and the studies by researchers who are members
of COMPASSS.ORG.

Following this introductory section, section 2 focuses directly
on overcoming the limitations of symmetric tests (regression
analysis) and indirectly on the mismatch between case identifica-
tion hypotheses (CIH) and SVH; section 2 also describes one of
the “illusions in regression analysis” (Armstrong, 2012). Section 3
describes McClelland’s algorithm procedure for overcoming the
mismatch without completely moving beyond symmetric testing.
Section 4 describes moving completely beyond symmetric tests
and SVH to the use of asymmetric theory construction and tests
of CIH. Section 4 describes a set of data to practice SVH versus
CIH. Section 5 briefly describes three examples of matching
asymmetric case-based theory construction with asymmetric CIH

testing. Section 6 includes a visual and general discussion of
case-based theory construction and CIH testing versus the conven-
tion (and dominant logic) of box and arrow presentation of SVH
representations of case-based theory. Section 7 concludes with a
call for finance, management, and marketing scholars to recog-
nize the current pervasive mismatch between case-based (typology)
theories with the use of symmetric variable hypotheses testing —
a mismatch that does not need to continue.

2. Symmetric testing of configural outcomes to overcome
regression analysis limitations

Most empirically-based studies include symmetric (two-
directional) variable hypotheses (SVH). The general form of these
hypotheses includes the following expressions. (1) Increases (de-
creases) in X (independent variable) associates with increases
(decreases) in Y (dependent variable). (2) Increases in W (a second
independent variables) associates with increases (decreases) in Y.
(3) The impact of changes in X on Y is greater than the impact of
changes in W on Y. (4) An interaction effect (X by W) occurs whereby
the joint impact of increases in W and X is greater than the sepa-
rate impacts of the levels of W and X on the level of Y. Researchers
use symmetric tests such as analysis of variance and regression anal-
ysis to confirm or reject these expressions for variables in a given
data set. Thus, the hypotheses are written in the following formats
(with B representing a standardized partial regression coefficient
of influence of change in Y due to a change in the independent
variable):

(1) Y=1R8:X, with |8;] > 0; estimating the net effect of level of X
on level of Y

(2) Y=10B,W, with |B,| > 0; estimating the net effect of level of W
on level of Y

(3) Y=R:X+[,W, where |1] > |B2]; comparing the relative sizes
of net effects

(4) Y= K1X + EzW + E3(XW)

with all three |3;| > 0; testing for an interaction effect beyond the
net effects influence. Examining interaction effects is a step toward
recognizing the need to consider recipes but only to a limited extent.
Interaction effects often compete with main effects in interpreta-
tions of regression models; interaction effects become difficult to
interpret especially among 3+ independent variables especially. The
use of CHAID (chi-squared automatic interaction detection, see Kass,
1980; Magidson, 1994) takes the researcher an additional step toward
recognizing that the levels of any one individual variable is usually
insufficient in accurately predicting the level of an outcome con-
dition; however, CHAID falls short in comparison to the capabilities
of more recent software in identifying surprising algorithms that
are accurate consistently in identifying cases having high scores in
an outcome condition of interest. This present study describes this
more recent software below.

In an article receiving a substantial number of citations
(n=200+) since its publication but widely ignored in practice,
Bass et al. (1968) point to the severe limitations of using testing
by symmetric metrics only. Their study, “Market Segmentation:
Group versus Individual Behavior” points out, “The evidence is
overwhelming that R? (explained variance) is low when individu-
al household purchase rates are related to socioeconomic variables.
The intuitive conclusion, perhaps, suggested by the evidence is
that market segmentation based on socioeconomic measurement
is infeasible. This is the conclusion of Twedt (1964), Frank (1967)
and others” (Bass et al., 1968, p. 264). Bass et al. (1968) go on
to quote a few highly-cited papers that include this inaccurate
conclusion.
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