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In this paper, a six-neuron BAM neural network model with discrete delays is considered. By analyzing the
associated characteristic transcendental equation, the linear stability of the model is investigated and
Hopf bifurcation is demonstrated. Some explicit formulae determining the stability and the direction of
the Hopf bifurcation periodic solutions bifurcating from Hopf bifurcations are obtained by using the
normal form method and center manifold theory. Finally, numerical simulations supporting the
theoretical analysis are given.
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1. Introduction

Recently, the dynamics properties (including stable, unstable,
oscillatory and chaotic behavior) of neural networks with delays
have attracted great attention of many researchers because of the
successful application of neural networks to many fields such as
intelligent control, optimization solvers, associative memories (or
pattern recognition) etc.,, and many excellent and interesting
results have been obtained (see [2-4,7,17-22]). It is well known
that neural networks are complex and large-scale nonlinear
dynamical systems, while the dynamics of the delayed neural
networks are even rich and more complicated [6]. In order to obtain
adeep and clear understanding of the dynamics of neural networks,
many researchers have focused on the studying of simple systems.
One of usual ways is to investigate the delayed neural network
models with two, three or four neurons, see [2,5,11,
12-14,16]. It is expected that we can gain some light for our
understanding about the large networks by discussing the
dynamics of two, three or four neurons networks (see [8-10]
and the references cited therein). But there are inevitably some
complicated problems if the simplified networks are carried over to
large-scale networks, for example, the characteristic equation and
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the bifurcating periodic solutions are very complicated. So it is
necessary to investigate the large-scale neural networks them-
selves. It is known to all that the delayed bidirectional associative
memory neural network is described by the following system:

Xi(t) = —pxi(t) + ZCjiﬁ(yJ’(t—Tﬁ))—I—Ij, i=12,...,n,
=1 (1.1

Vi) =—vy)+ Zdij&‘(xi(f*\’ij))Jr]j, j=12,....m,

i=1

where cj;, d;j (i=1,2,...,n; j=1,2,...,m) are the connection weights
through neurons in two layers: the I-layer and J-layer; u; and v;
describe the stability of internal neuron processes on the I-layer
and J-layer, respectively. On the I-layer, the neurons whose states
are denoted by x;(t) receive the inputs I; and the inputs outputted by
those neurons in the J-layer via activation functions f;, while on the
J-layer, the neurons whose associated states are denoted by y;(t)
receive the inputs J; and the inputs outputted by those neurons in
the I-layer via activation functions gj (see [23]).

In [16], Yu and Cao studied the following differential equations
with delay:

x1(0) = =1 X1 (O +Cc11f11 1(E=73) + C1af 1202 (E—13)),
X2(t) = — X2 (1) + €211 (V1 (E=T4)) + C22f22 (V2 (E—Ta)),
V1) = —p3y1(0)+d11811 (X1 (t=71)) + d12812(X2(t—T2)),
V2(t) = —pgy2(£)+d21821 (X1 (t—T1)) + d22822(X2(E—72))

(1.2)
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and obtain the condition of the existence of Hopf bifurcation, a
formula for determining the direction of the Hopf bifurcation and
the stability of bifurcating periodic solutions.

Motivated by the paper [16] and considering that when the
number of neurons is large, the simplified model can reflect the
really large neural networks more closely, we assume that there
are three neurons in the I-layer and J-layer, respectively. Then we
obtain the following six dimensional delayed bidirectional asso-
ciative memory neural network:

X1(t) = =1 X1 (O + c11f11 V1 (E=74) + C12f12 (V2 (E—T4)) + C13f13 (V3 (E—T4)),
X2(8) = — Ly X2 (D) + C21f21 V1 (E—T5)) + Coof22 (V2 (E—T5)) + C23f23(V3(E—T5)),
X3(t) = —3x3(H)+C31f31 (V1 (t—T6)) + C32f32(V2(t—T6)) + C33f33(V3(E—T6)),
Y1) = —ugy1(0) +Ca1far1 (X1 (t=71)) + Caofa (X2 (t—T2)) + Cazfas (X3 (t—T3)),
V2(t) = —usya(t) +Cs51f51(X1 (E=T1)) + C52f52 (X2 (t—T2)) + C53f53 (X3 (E—T3)),
V3(6) = —gy3(0) + Co1fe1 (X1 (E—T1)) + Coofer (X2 (—T2)) + Co3f63 (X3 (E—T3)).

1.3)

In this paper, we consider the model (1.3). In order to establish
the main results for model (1.3), it is necessary to make the
following assumptions:

(H1) fijeCk,ﬁj(O)=O (i=1,2,3,45,6; j=1273; k=1,23,..)).

(H2) T14+T4=T2+T5=13+T="T.

The purpose of this paper is to discuss the stability and the
properties of Hopf bifurcation of model (1.3). We would like to
mention that there are few papers related to the high dimensional
neural networks system with multiple delays. To the best of our
knowledge, it is the first time to deal with the dynamical properties
of six dimensional neural networks, especially the properties of
Hopf bifurcation.

This paper is organized as follows. In Section 2, the stability of
the equilibrium and the existence of Hopf bifurcation at the
equilibrium are studied. In Section 3, the direction of Hopf
bifurcation and the stability and periodic of bifurcating periodic
solutions on the center manifold are determined. In Section 4,
numerical simulations are carried out to illustrate the validity of
the main results. Some main conclusions are drawn in Section 5.

2. Stability of the equilibrium and local Hopf bifurcations

Let

uq(t) =x1(t—11),
Uy(t) = X2(t—712),
us(t) = x3(t—13),
uy(t) =y1(0),
us(t) = ya(t),
ug(t) =ys(t),

2.1

then system (1.3) takes the following equivalent form

U1(6) = —pqur (O +cr1fi1 (Wat—1) +Cr2f12(Us (t—1) +C13f13(Us(t—1)),
Ua(t) = — U (8) + Ca1f21 (Uag(t—T)) + C22f22 (U5 (E—T)) + C23f23 (Us (E—T)),
U3(t) = —usUs(t)+ 3131 (Ua(t—T1)) + C32f32(Us (E—1)) + C33f33(Us (E—T)),
U4(t) = —paUa(t) +Ca1fa1 (W1 (£) + Caafaa (U2 (D)) + Cazfaz Uz (D)),
Us(t) = —UsUs(t) +Cs1f51 (U1 (E) + Csafsa(Ua (b)) + Csafs3(Us(D)),
Us(t) = —ugUs(t) -+ Co1fe1 (U1 (8)) 4 Coafea(Ua (1)) + Co3fo3 (Us(t)).

2.2)

By the hypothesis (H1), it is easy to see that (2.2) has a unique
equilibrium u+(0, 0, 0, 0, 0, 0). Under the hypotheses (H1) and (H2),

the linear equation of (2.2) at u+(0, 0, 0, 0, 0, 0) takes the form

U1(t) = —pyuq (O + 01 Ug(E—T) +01Us(E—T) + 0ty 3U(E—T),
Up(t) = — Uy Un (£) + 021 Ug(t—T) +02pUs (E—T) + 023U (E—T),
U3(t) = —psu3(t) + 031 Ug(t—1) + 03 Us (E—T) + 033U (E—T),
U4(t) = — g (t) + 0tg1 Uy (£) +aga Uz () + cLa3 s (2),
Us(t) = —usus(t)+ 051 g (£) 4 o5z (£) 4 as3us(b),
Ue(t) = — gl (t) + ote1 Uq (£) + otea Uz (1) +ote3Us (L),

2.3)

where o;; = ¢;f';(0) (i=1,2,3,4,5,6, j =1,2,3). Then the associated
characteristic equation of (2.3) is

A+ 1y 0 0 —oqe —ogpe T —aqze T
0 A-ﬁ-/.lz 0 —062197;”7: —(Zzzef;”r —(nge’“
0 0 i+ —oz1e7  —azpe T —agze At
det H3 %31 32 33 -0
—041  —Ol42  —0Ol43 Aty 0 0
—0Os51  —O53 —053 0 A+ Us 0
—Og1 —Og2 —063 0 0 A+ Ug
24
which leads to the following form:
P1()+P2(2)e " +p3(h)e > +pa(He > =0, 2.5)

where p1(4),p2(A),p3(4),ps(A) are defined by Appendix A.
Multiplying e** on both sides of (2.5), it is easy to obtain

P1()e* +pa(2) +p3(Ae~* +pa(L)e~*7 = 0. (2.6)

Let A =iwy, T =Tp, and substituting this into (2.6), for the sake of
simplicity, denote wq and 7o by w, 7, respectively, then (2.6) becomes

(A1 +1B1)(coswt +isinwt) +A; +iB; + (A3 +1B3)
x(cosmT—isinmwT)+A4(cos2wt—isin2wt) =0, 2.7)

where

A; =Re{p;(iw)}, B;=Im{p;(im)}, (i=1,2,3,4). 2.8)

Separating the real and imaginary parts, we have
(A1 +A3)cosmT+ (B3 —By)sinwt +A; = —A4€0S2wT, 2.9)

(B +B3)cosmt +(A1—A3)sinwt + By = Agsin2wr. (2.10)
Squaring both sides of (2.9) and (2.10), and adding them up gives

[(A1 +A3)coswT + (B3 —Bq)sinwt + A,

+[(B1 + B3)coswt + (A —A3)sinwt + B, )? = A3 211

According to sinwt = + +/1—cos?mt, we consider the two cases:
(I) If siniwt = v1—cos2mr, then (2.11) takes the following form:

[(A1 +A3)coswT + (B3 —B1)V 1—cos2wt + Az

+[(B1 + B3)coswt + (A1 —A3)V 1—cos2wt+ B, > = A% (2.12)
It is easy to see that (2.12) is equivalent to
q1€0s* 0T +q2c0s> T+ q3c08Z T+ q4CO0SWT+qs5 =0, (2.13)

where
q1 = [2(A1 +A3)(B3—B1)+2(B1 +B3)(A1 —A3)? +[4(A1A3 + B1 B3I,

q2 = 2{[2(A1+A3)(B3—B1)+2(B1 +B3)(A1 —A3)][2A2(B3 —B1)
+2B,(A1—A3)]+[2A2(B3 —B1)+ 2B (A1 —A3)][4(A1A3 +B1 B3)]},

3 = [2A2(A1 +A3)+2B2(B1 +B3)]? +[2A2(B3—B1) + 2B (A1 —A3)]?
—[2(A1 +A3)(B3—B1) +2(B1 +B3)(A1 —A3)]
—2[A3 + B} —A3—B3—(B3—B1)* — (A1 —A3)*][4(A1A3 + By B3)],
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