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1. Introduction

Kosko proposed a new class of neural networks called
bidirectional associative memory (BAM) neural networks in
[1,2]. These models generalized the single-layer auto-associative
Hebbian correlator to a two-layer pattern-matched heteroasso-
ciative circuit. This class of networks has good application
perspective in pattern recognition, optimization solving problems
and automatic control engineering. As we all known,these
applications require that the equilibrium point of the designed
neural network model is globally asymptotically stable. Therefore,
the investigation of stability of BAM neural networks is also of
great interest. The stability of this class of neural networks has
been extensively studied in the literature in the recent years, and
many different sufficient conditions ensuring the stability of BAM
neural networks have been given. Due to the finite switching
speed of neuron amplifiers and, the finite speed of signal
propagation, time delays are unavoidable in VLSI implementation
of neural systems. It is known that the delay parameters in a
neural system may affect the dynamical properties of the
equilibrium point. Therefore, it is of great importance to study
the equilibrium and stability properties of neural networks with
time delays. In recent years, many researchers have investigated
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the BAM neural networks with constant delays [11,15,16,19].
However, the constant delay is only an idealization of variable
delay and the systems with variable delays are more significant
than those with constant delays. And many researchers have
investigated the stability of BAM neural networks with time-
varying delays [3-9,17,22-24].

On the other hand, in hardware implementation of neural
networks, the network parameters of neural system may subject
to some changes due to the tolerances of electronic components
employed in the design. In such cases, the stability of a neural
network may often be destroyed. However it is desired that the
stability properties of neural network should not be affected by
the small deviations in the values of the parameters. In other
words, the neural network must be globally robust stable.
Therefore, Global robust stability of BAM neural network models
with time delays has been studied by many researchers and
some important robust stability results have been reported in
[10-15,18].

Motivated by the preceding discussion, in this paper, we are
going to investigate the global robust asymptotic stability for
BAM neural networks with multiple time-varying delays. Based
on the Lyapunov functional approach, some new sufficient
conditions for the global robust asymptotic stability of the
equilibrium of this class of neural networks are presented. One
example is also given to compare the results with the previous
robust stability results derived in the literature [11,13]. And by
making comparisons we can obtain that our conditions can be
considered as the alternative results to the previously published
results.
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The rest of this paper is organized as follows. In the Section 2,
the problem to be investigated is stated and some definitions and
lemmas are listed. In Section 3, improved global robust asympto-
tic stability conditions for BAM neural networks with time-
varying delays are obtained. In Section 4, One example is given to
show the effectiveness of the proposed results. Finally, some
conclusions are presented in Section 5.

Notations: Throughout this paper, I denotes the identity matrix
with appropriate dimensions. R" denotes the n-dimensional Euclidean
space. For real symmetric matrices X, the notation X <0 means that
the matrix X is negative definite. For u = (uy, s, ..., un)" € R, llll, h=
(X, -1H"? is the vector 2-norm. For matrix A= (@j)nxn € RT,
),M(A)(/Lm(A)) represents the maximum (minimum) eigenvalue of
matrix A, llill; h= v/Amax(1¥1) is the spectral norm of matrix A.

2. Model description and preliminaries

Dynamical behavior of a hybrid BAM neural network with
time-varying delays can be described by the following set of
differential equations:

Ui(t) = —aui(t)+ > wyf jvi(t)

i=

m
+ ) wifj(vit—tiO)+1, i=1,2,....n

i=1

n 9]
Vi(t) = —bjvi(t)+ > _v;igi(ui(t)
i=1
Z rEiut—o0)+]j, j=1.2,.
i=1
or be rewritten in the following vector-matrix form:

0() = —Au() +Wf () + W f (ve—(e) +1, 2
V(t) = —Bv(t) + V() + V' E(u(t—o (1)) +J,

where n and m denote the number of neurons in two layers,
respectively; a; and b; denote the neuron charging time constants and
passive decay rates, respectively; wy and v; are the synaptic
connection strengths; w} and v} are the delayed synaptic connection
strengths; f () and gl() represent the activation functions of the jth
neuron from the neural field Fy and the ith neuron from the neural
field Fx, respectively; I; and J; denote the external inputs;
u() = (U (), ua(®), ..., un(®)" € R™ and v(t) = (V1 (t), v2(0), ..., Vi(t)"
e R™ are the state vectors associated with neurons from the neural
field Fx and the neurons from the neural field Fy, respectively; t;(t)
and o;(t) are time-varying differentiable functions which satisfy

0<Tj(f)$1’j, fj(f)=/,tj<1,j=1,2,...,m

O<oit)<oi, oiH)=vi<1, i=1,2,...,n. 3)

The initial condition of system (2) is assumed to be
Y(s)=¢(s) eR™, C))

max a,},O}.

In this paper, to establlsh the robust stability of the model
given in (2), it is necessary to make the following assumptions.

(A1) The activation functions fj(~) and g;(-) are bounded. That is,
for all x,y e R, there exist positive constants F; > 0 and G; > 0, such
that

;o) <F. j=1.2,....m

X(S) = @(s) e R",

for

se [—max{, max 1,
j=12..

g:I<G, i=12,...,n

(A;) The activation functions fj(~) and §,() are Lipschitz
continue, that is, there exist constants k; >0 and I; <0, such that

fio—f;0 <kilx—yl, j=1,2,....,m, vxyeR,

1£:R)—-g:) <Lix-y|, i=1,2,...,n, VX, JeR.

As we discussed in Section 1, there are some uncertainties in
neural networks due to the existence of modeling errors, external
disturbance and other uncertain factors and these uncertainties
will lead to some deviations in the values of the parameters in (2).
Since in practice these deviations are bounded in general, the

quantities a,,b],wu,wu,vﬁ and Vi may be intervalized as follows:

fori=1,2,...,nand j=1,2,....m
= {A=diag(a;)) : 0 <A <A<A, ie, 0<a, <a;<a},
B; .= {B=diag(b;) : 0<B <B<B, ie., 0<Qj§bj§bj},
W= {W=Wjpum : W<W<W, ie., Wy < wj <wj},
Wi = (W' =(W])pum - WE<WT<WT, ie, W <wp<wiy),
Vi={V=j)man : V<V v, ie., Vi S Vi< Vji},
={V=nxn : V <VT VT, ie., vfﬁsvﬂsvfﬂ}

(5)

In the following, we restate some definitions and some results

from the vector-matrix theory, that are important in the context
of this paper.

Definition 1. The BAM neural network (2) with the parameter
ranges defined by (5) is called globally robust asymptotic stable
if there is a unique equilibrium p* = u*,v*)= (3}, u3,..., u}, v,
V3,..., Vi) is globally asymptotic stable for all AeA;, BeB,
WGWI, VEVI, WTGW’, VTGV].

Definition 2 (Horn and Johnson [20]). A real nxn matrix
S=(Sjj)nxn 1S said to be a nonsingular M-matrix if s; >0 and
si<0,1,j=1,2,...,n, i#], and the real part of every eigenvalue
of S is positive.

Lemma 1 (Horn and Johnson [20]). Let S = (Sy),., be a matrix with
positive diagonal entries and non-positive off-diagonal entries. Then,
S is a nonsingular M-matrix if and only if there exists a positive vector
Y =®W1,¥3,...,¥,) >0 such that SV > 0.

Lemma 2 (Horn and Johnson [20]). Let S = (sj),,., be a matrix with
positive diagonal entries and non-positive off-diagonal entries. if S is
a nonsingular M-matrix, then at least one row of S is strictly
diagonally dominant. That is

n

Sii > Z ISl

J=1j#i
for at least one index i.
Lemma 3 (Cao and Wang [21]). For VA €[A,A], we have

lllly < ¥l + N2,

where A* = J(A+A), A« = 1(A-A).

Lemma 4. For any vectors x,y e R* and positive definite matrix
Q e R™™", the following equality holds:

2xTy < xTQx+yTQ1y.

3. Global robust stability analysis

In this section, we present a new result which states the
conditions that guarantee the global robust asymptotic stability of
the equilibrium point of BAM neural system (2). It should be
noted that the assumption (A;) and (A,) guarantee the existence
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