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Abstract: For a class of unstable discrete-time multi-variable switched systems with parametric
uncertainty, an identification scheme is developed in this paper. Specifically, the identification
algorithm is derived to identify the parameter vectors of potential subsystems based on the
idea of least geometric mean squares. Furthermore, an neural network classifier is put forward
for partition of the identified subsystems. Finally, feasibility and effectiveness of the proposed
identification scheme are verified by numerical simulations, which show that the desirable
identification performance is guaranteed with the proposed scheme.
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1. INTRODUCTION

Recently, issues relating to identification and control of
switched system are of growing concern. The significance
of research on switched system and switching control is
highlighted in Leith et al. (2003) from several perspectives,
including description or identification for many physical
systems with switching in dynamics, improvement of con-
trol performance for systems with large uncertainty with
multiple model switching control Narendra and Balakr-
ishnan (1994), guarantee of robustness in the presence of
failure such as reconfigurable flight control in literatures
Boskovic et al. (1999); Boskovic and Mehra (2002) and re-

moval of control system constraints Goodwin et al. (2001).

Concerning identification of linear switched systems, four
different approaches, namely the algebraic procedure Vi-
dal et al. (2003), the Bayesian procedure Juloski et al.
(2005b), the clustering-based procedure Ferrari-Trecate
et al. (2003); Nakada et al. (2005) and the bounded-error
procedure Bemporad et al. (2005), have been proposed
recently. Refer to Juloski et al. (2005a) and Paoletti et al.
§2007) for detailed summary and comparison of the above
our procedures, from which it will be found out that each
approach has its own drawback. In this paper, identifica-
tion using multiple models introduced in Lai et al. (2011)
for single-variable time-varying systems is studied, and
an extension of this identification algorithm is derived for
multi-variable systems with qualitative analysis.

The main contributions of this paper are highlighted as
follows:

(i) The class of systems considered in this paper is unstable
linear discrete-time multi-variable systems with paramet-
ric uncertainty. Moreover, the unknown parameter vector
is a piecewise constant function of time, and additionally
the abrupt changes in value of the parameter vector occur
at a prior unknown time instants.

(ii) For identification of uncertainty, indispensable prelim-
inary work has been discussed and conducted. Further-
more, a parameter identification algorithm is proposed
for the aforementioned systems. A set of subsystems is
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established after parameter identification, and then a neu-
ral network classifier is derived from Lai et al. (2011) to
implement partition among the subsystems. The training
and establishment of the classifier are conducted off-line
based on recorded data.

The rest of this paper is organized as follows. Preliminary
work is introduced in Section 2. In Section 3, an identi-
fication algorithm is brought forward with an neural net-
work classifier proposed for the partition of the identified
subsystems. Section 4 presents a simulation example to
validate the effectiveness and feasibility of the proposed
identification scheme.

2. PRELIMINARY WORK

At first, we introduce the following notations that will be
used throughout the paper. The symbol I, stands for an
n X n identity matrix, and I used sometimes represents
an identity matrix of appropriate size. In addition, the
superscript 1" denotes transpose of matrices or vectors.

The norm of vector x is defined by |z|| £ v2Tz, which is
effectively the equivalent of Euclidean norm in real number
space. As for matrices, operatorg\ - || amounts to 2 norm.
L; ; represents a square matrix of proper dimension whose

elements are all zeros except for the i*" element in the j**
column which is 1 instead. For a matrix A € R™*", a;; is
the i*" element of the j* column. For a set of matrices,
{F\,Fs,...,F,}, with F; € R fori = 1,2,...,n, Fyg, )
denotes the b element in the j** column of matrix Fj, for
b,j €{1,2,...,1}; The Kronecker product is described by
®, take for example P ® @ with P = [p;;] € R™*" and
Q = [gi;] € RP*9, it is obtained that P ® ) = [p;;Q)] €
Rmp)*(na). ¢ol[Y] denotes a vector formed by columns of
matrix Y, that is, if Y = [V, Yoo, ..., Ye,] € R™*™, then
collY] = [YI, YL ... ) YIIT € R™; O,,xn represents the
matrix whose elements are all zeros, while I (tl C)ix(n_1)t
denotes the matrix indicated as follow,

O(n—
+ (n—2)Ix1
I(n—l)lx(n—l)l Ol)(l

I(n—2)l
Ix(n—2)1 | (1)

In practical terms, there are many systems with abrupt
changes in dynamics, and we refer to such time-varying

systems as switched systems. Let set {¢;|t; € R",j € N}
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represents the switching times with ¢; < ¢;4,. To indicate

the characteristics of the switched system at the switching
times, two sets are determined as

{tir;} = {t; + 1| when subsystem i is switched on for the
k; times, i € P, k; € N };

{tm k, } = {tj| when subsystem m is switched off for the
ky, times, m € P, k,, e NT }
where subsystem m and subsystem ¢ are accordingly

defined as the pre- and post-switching subsystems with
respect to the switching time ¢;.

As a result, the switching signal o(t) of the switched

system is defined as a piecewise constant function of time

with o : [0,00) — P, where the index set P = {1,2,..., N}

is finite, and N is the number of subsystems. In addltlon
o(t) changes with respect to {t;}.

Subsequently, given the controlled system in the form
of input/output mathematical model, how to acquire its
linear regression model and state space representation via
equivalent transformation is discussed here, which are the
preliminaries for parameter estimation and state feedback
control design in the following sections, respectively.

Consider the multi-variable switched systems described by

DOy () = MO} (2" Vu(t) (2)
where u(t),y(t) € R' are the input and output vectors
of the system, respectively. The symbol z is used to
denote the time advance operator zz(t) £ z(t + 1), while
271 is the backward shift operator, i.e., z71z(t + 1) £
x(t). Here, we define sampling period of the discrete-

time system (2) as T, which is the interval between two
consecutive time instants. Moreover, matrix polynomials

DM} (=1, Mle®}(2~1) € R are given as
D{a(t)}(zq) — JrDia(t)}zfl + ._+D:{la(t)}(t)Z,
MO} (1) = e @) -1 4 (o) o

(3)

where n represents the order of the system which is sup—
posed to be a priori knowledge. With D{U(t } M{U(f

R for i = 1,2,...,n, {Dia(t)} D{‘7 t)}} and
(@ MY are two sets of coefﬁment matrices

for D{eM}(2=1) and MM} (z=1) | respectively.

2.1 Linear regression model

From (3), the discrete-time autoregressive moving average
(ARMA) model for the linear switched system described
in (2) can be derived as

( ) @U(t ¢( ) (4)
with
O, = [DI7, s DO, Ml{gf)}, o MO
o(t) = [—y(t—1)",...,—y(t —n)",
u(t — I)T’ u(t — n)T]T7

Moreover, there exists parametric uncertainty in matrices
DO ALT®) o i Z 1.

For parameter identification, the system (4) can be rewrit-
ten as a multi-variable linear regression model, i.e.,

y(t) = ¥ ()0, (5)
where 0,;) € R™ is the parameter vector to be identified,
and U(t) €
the input and output vectors u(t —

R!Xm¢ is the information matrix consisting of

Exactly, the following two cases are taken into consid-
eration for the explicit formulation of the identification
problem for the system (4).

Case 1: If the matrices D;{U(t)},Mi{g(t)} fori=1,...,n

are absolutely unknown, it follows that ¥(¢) and 6 in (5)
will be written as

W(t) = 1 67 (1), ;

Oo (1) = col[O41)]- ©

Case 2: If the matrices Di{g(t)},Mi{a(t)} fori=1,...,n
are partly unknown, namely, only some entries of several

matrices are unknown time-varying parameters to be iden-
tified, ¥(¢) and 0 in (5) will instead be expressed as

\Ij(t> = [ypk(t{>7(‘§?,Jy(t - Z{)’(t)} ) EC,ku(t - m)» .. ']7 (7)

o o T

by = (LD Ml T,
where D17} and M7} are the uncertain time-varying

i(b,j) m(c,k)
parameters, for i, m € {1,...,n}, b,j,¢,k € {1,...,1}, and
Ypi(t) is calculated as

Ypi(t) = t)¢( ) (8)

where (:)G(t) is derived from O, ;) with the only difference
between them being that all the uncertain parameters are
set to be zeros in ©, ()

Remark 1. The above two cases considered in this paper
are of great significance from the following two aspects:
(i) as for Case 1 where all the elements in ©,(; are
of uncertainty, transformation from (4) to (5) with (6)
enables identification issue to be solved with least square
algorithm, (ii) while in Case 2 conversion of (4) to (5) with
(7) simplifies the problem by minimizing the dimension of
the parameter vector to be identified. Meanwhile, the true
value for the first element of the parameter vector is 1
as presented in (7), which will be one of the criteria for
verification of convergence of parameter estimation.

2.2 State space representation

The system (4) developed in Section 2.1 can be rewritten
in a state-space form z(t+1) = f(z(t), u(t)) by introducing
z(t) = [ul (t—n+1),..., 0T (t-1),yT (t—n+1),...,y7(t—
1),y" ()] € R~V as state vector of the system. The
state space representation is consequently given as
l‘(t + 1) = Aa t J}(t) + BO’ t u(t)a

o) = Coalt) ©)

with

I(n 1)Ix(n—1)1 O (n—1)Ixnl
Aa’(t) = O(n—l_)lx(n—l)l I(n “1ixnl |

Mg —Dg(?
Bl = [O1xm=2)1> It; Ot (n-1y1; (M7

Cot) = [O1x2(n—1y1, 1]

)

and ~
Ma(t) _ [Mr{la(t)} M{U(t)}] (10)
Dg(t) _ [Dr{la(t)} D{a(t)}]

where I(/nfl)lxnl is the first (n — 1)l rows of I/}, .

Additionally, introduce the definition of the accumulation
of tracking error:
(11)

er(t+1) = y(t) —yr(t) +er(t)

where y,.(t) € R! is reference signal for the controlled
system.
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