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1. Introduction

The number of human-caused bushfires has increased world-
wide in the last years (Plucinski et al., 2013; Le Page et al., 2014;
Krawchuk and Moritz, 2014). Policy makers and technicians
request scientific models to explain the causality of fire and to
establishing future scenarios of fire risk conditions, especially in
one of the worst hit regions of the world, Mediterranean Europe
(Rodrigues and de la Riva, 2014). This need has brought about the
development of several prediction models (Martinez et al., 2009;
Thompson and Calkin, 2011; Ager et al., 2014) which have focus
on explaining spatio-temporal patterns that relate different vari-
ables (physiographic, infrastructural, socio-economic and weather)
with ignition arson wildfires. The “number of fires” is a count var-
iable, which is not continuous and the use of linear models is not
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appropriate. For this type of data, McCullagh and Nelder (1989)
proposed an extension of linear models called generalized linear
models (GLMs). GLMs assume that the distribution of the target
variable belongs to the exponential distribution and therefore they
can be used for Bernoulli, binomial and Poisson distributions,
among others.

Poisson regressions and binomial-logit models are GLMs that
are generally used for counts of rare events. This is the case of
counting number of fires in a given territory and time period. Some
papers introducing statistical models for counts of forest fires can
be found in the literature. Garcia et al. (1995) introduced a logit
model to predict the number of fire-days in the Whitecourt Forest
of Alberta. Mandallaz and Ye (1997) presented a general statistical
methodology for the prediction of forest fires occurrences in the
context of Poisson models. They applied their methodology to data
from France, Italy, Portugal, and Switzerland. Wotton et al. (2003)
developed Poisson regression predictive models for the daily
number of fires in ecoregions of Ontario. Martinez et al. (2009);
Chuvieco et al. (2010) and De Vicente and Crespo (2012) gave
models for probability of occurrence of a fire.

The occurrence of the studied events might have some vari-
ability between areas that the GLMs cannot explain with the
auxiliary variables. Generalized linear mixed models (GLMMs)
allow to model the extra variability between areas by introducing a
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random effect. The estimation of GLMMs are computationally
intensive and requires advanced numerical procedures. Some
monographs about GLMMs are Demidenko (2004); McCulloch et al.
(2008) and Jiang (2007). Finney et al. (2009) analyzed the
containment of large wild fires by using GLMMs. Diaz-Avalos et al.
(2001) used GLMMs to study the effect of vegetation cover, eleva-
tion, slope, and precipitation on the probability of ignition in the
Blue Mountains, Oregon, and to estimate the probability of ignition
occurrence at different locations in space and in time.

This paper introduces an area-level Poisson mixed models for
modeling the number of fires occurred in the forest areas of Galicia
during the summer of 2007. The fitted GLMM is also used for pre-
dicting the number of fires under different scenario and therefore it
gives a tool for decision making. The mean squared error (MSE) of
the fire predictions was estimated by applying the parametric
bootstrap method described in Gonzalez-Manteiga et al. (2007,
2008). The proposed methodology for predicting fire counts and
estimating prediction uncertainties is a new and useful contribu-
tion for forest engineers and policy makers.

The remainder of the paper is organized as follows. Section 2
introduces the area-level Poisson mixed model in a general
context and the model-based predictors of number of fires in a
general context. It also gives the bootstrap procedure for esti-
mating the MSEs. Section 3 describes the situation and the data
under study. The main idea is to look for the factors that
explain the number of large fires in rural areas of Galicia. This
section presents the statistical analysis and shows how the fitted
model can be used for predicting number of fires under scenarios
that are close to the one observed in Galicia during the summer of
2007. Section 4 gives some conclusions. The Appendix gives some
mathematical details about the Laplace approximation fitting
algorithm.

2. The model

This section introduces the Poisson mixed model employed in
the data analysis of the case study. First we introduce some nota-
tion and assumptions. Let us assume that the region under study
can be partitioned into D forest areas (domains). Let
{vg: d=1,...,D} be a set of random effects that are i.i.d. N(0,1).
The distribution of the target variable yy (number of fires in the
forest area d), conditioned to the random effect vq, is

Yd NPOiSS(#d): d=1,..,D, (1)
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where u; > 0 is the mean of the Poisson distribution. For the natural
parameter, we assume
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where ¢ >0 is a variance component parameter, 8 = 1C?1 (Bk) is a
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vector of fixed regression coefficients and x4 = 1ccl)1/ (Xg) is the
<ksp

vector of auxiliary variables. Further, we assume that the y4's are
independent conditioned to v. Therefore
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where ug = exp{xy8 + ¢vq}. Let @ = (8, ¢) be the vector of all un-
known parameters. To fit the model we employ the Laplace
approximation algorithm described in the Appendix. This algo-
rithm calculates the maximum likelihood (ML) estimators,
0 = (8, $), of the model parameters and the predictors, 7, of the

random effects. Based on the parameter estimates and on the
random effect predictions, we obtain the predictor
g = iq(0,74) = exp{xyB + ¢74}. Finally, we estimate MSE (i) by
applying the following parametric bootstrap algorithm
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3. Case study

The region of Galicia is in the northwest of the Spain (see
Fig. 1). Galicia has a population of 2,795,422 (5.9% of the Spanish
population) and a surface area of 29,574 km? (5.8% of Spain).
Galicia has the sixth greatest absolute forest areas among Auton-
omous Communities, with more than 1,424,094 ha of forest
wooded representing 51% of Galician land cover and 7.7% of forest
cover in Spain. Ratio of the forest surface is notably higher than
the national average (55.2%) (MAGRAMA, 2014). Regarding the
property regime of the land, most Galician forest is private (97.2%),
and this percentage is much higher than the national average at
67.7% (Rodriguez-Vicente and Marey-Pérez, 2009a). Following the
study of Marey-Pérez and Gomez-Vazquez (2010), private forest
ownership is subdivided into either particular ownership or
communal ownership in collective woodlands (Montes Vecinales
en Mano Comiin, MVMC), an ownership typology almost exclusive
to Galicia.

Wildfires in Galicia are a recurrent problem and show increasing
levels of severity. There were 251,106 wildfires in Galicia since 1961,
the year in which forest fire statistics started, until December 2013
(MAGRAMA, 2014). These fires burned an area of 1,829,330 ha,
equivalent to 65.4% of the geographical area of Galicia and almost
128.5% of total wooded forest area. Wildfires mainly affect rural
municipalities in the south of the region with low population
densities and regressive demographic dynamics due to low birth

Fig. 1. Geographic location map of Galicia in Spain.
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